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Area-based method

@ Aggregation of laser data on sample plot level I metrics
@ Statical relation between

@ Metrics
@ Sample plot attributes (volume, diameter distribution, tree
height)
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@ Coniferous proportion
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Methods and Results

Linear mixed model - Ime

A mixed model (Ime) for timber volume estimation

A GAMLSS for diameter distribution estimation

Yij = Xij + Uy i+ Uy 5+ 7

with
i N(O;Dy); § N(O;D); "ij  N(@O; )

where

0 W 1

298 Kov("j1; "ijn;)
i = : 5
Kov("ijn;; "ij1) “Dins

and

Kov("jik; "ijko) = exp( s=)
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Methods and Results A GAMLSS for diameter distribution estimation

Modeling Il

Generalized additive model for location, scale and shape -

GAMLSS
Be
y  Weibuli(a; b; c); a=7b;c>0
with density
. c vy c 1 y c
f(yjb;c)= - = =
(yibic)= exp b
then
b=h % )undc=h ():
Where a = Location-, b = Scale- and ¢ = Shape parameter,
i = x0 as well as h = link function.
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Summary

@ R is well suited for analyzing laser data due to its...

@ functionality to call other programs - shell()
@ exibility (writing own functions)
@ state-of-the-art statistical methods

@ Still learning R after 5 years of use...
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Thanks go to...

Christian Glaser, Drs. Edgar Kublin, Matthias
Schmidt, Arne Nothdurft, Gerald Kandler

You for your attention!
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